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1) El Poder de lo Artificial
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El algoritmo maestro

e Spotify:

Revenue (2019): USS9 billion

Revenue (2019): USS8 billion

Owner of
“Happy Birthday
to you”
Patty and Mildred

J. Hill, 1893
SONY MUSIC
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La Estrella de la
Informacion...

3 requisitos:
1) escalable

2) abierto, flexible y non-
discriminatoria

3) accionable




2) El Poder de lo Humano con lo Artificial



CANTIDAD: Efecto en el empleo por tecnologia, 2011-2016 CALIDAD: Efectos salariales por ocupaciones, 2011-2016.
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Cambio en empleo Cambio en los salarios

Tecnologias simples (Industria 1.0/ 2.0)

Tecnologias informatizadas/
soportado por computacion (Industria 3.0)

Tecnologias de red digital (Industria 4.0)

Zentrum fir Europdische

Wirtschaftsforschung GmbH http://ftp.zew.de/pub/zew-docs/gutachten/DigitalisierungundZukunftderArbeit2018.pdf
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Press Esc to exit full screen mode.

Sources: Bohemia Interactive Simulations, http://youtu.be/G9P9bUTCdpA ; TRANSIMS: http://www.youtube.com/watch?v=mN7kqOITAys ; Epstein, http://www.youtube.com/watch?v=wZZJCIGtVkw &
https://inductiveautomation.com/resources/customerproject/rapid-development-for-natural-gas-utility
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3) El Poder de lo Artificial sobre lo Humano
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FINDING YOUR
VOICE

Forget About Siri and Alexa — When It
Comes to Voice ldentification, the “NSA
Reigns Supreme”

HUMAN
RIGHTS
WATCH

Available In & {K# 3  English HZGE

China: Voice Biometric
Collection Threatens Privacy

Police, Al Giant Collaboration in Legal Gray Area

https://theintercept.com/2018/01/19/voice-recognition-technology-nsa/ ; https://www.hrw.org/news/2017/10/22/china-voice-biometric-collection-threatens-privacy#
https://www.nytimes.com/interactive/2019/12/19/opinion/location-tracking-cell-phone.html ; https://www.nytimes.com/interactive/2019/12/19/opinion/location-tracking-cell-phone.html




DAILY TIME SPENT ON SOCIAL MEDIA

Average h:mm spent engaging with/connected to social networks/services during a typical day

@ Asia Pacific

@ Europe

@ Latin America

® Middle East & Africa
© North America

2012 2013 2014 2015 2016 2017 2018 2019

“Cuando visita un sitio o una aplicacion que
utiliza nuestros servicios, recibimos
informacion incluso si esta desconectado o
no tiene una cuenta de Facebook.”

https://newsroom.fb.com/news/2018/04/data-off-facebook

Question: On an average day, how long do you spend on social media? Source: GlobalWeblndex 2012-2019 (averages of all waves conducted between Q2 2012 and Q3 2019) internet users aged 16-64



...know us better than we ourselves

i) KidLogger .net

temporal activity

_~ Openness

L T A bl
Spouse (0.58) b ——— ————— - _L_ i1 L greeableness

Computers’ Average Accuracy (0.56) p = —— = —— ===
Family (0.50) } ———
Humans’ Average Accuracy (0.49) } ———

Five-Trait Average

Personality Trait Accuracy

Conscientiousness

Neuroticism

Openness .80
Conscientiousness .65
Extroversion g2
] Agreeableness 72
Tovescmmeom D Neuroticism 73

Do _IFnend(O 45)
Cohabitant (0.45)

Accuracy (self-other agreement)

Number of Facebook Likes (log scaled)

Youyou, Kosinski & Stillwell (2015). Computer-based personality judgments are more accurate than those made by humans. PNAS, 201418680. Kosinski,
Stillwell, & Graepel (2013). Private traits and attributes are predictable from digital records of human behavior. PNAS, 110(15), 5802—-5805;
Grover, T., & Mark, G. (2017). Digital footprints: Predicting personality from temporal patterns of technology use. Proc. 2017 ACM, 41-44. Videoblocks.com



...know us better than we ourselves

man woman
Human: 61% 54%

Al (5 pics): 91% 83%

Average facial landmarks

* Gay
* sfraight

13mo-hrt

Wang & Kosinski (2018). Deep neural networks are more accurate than humans at detecting sexual orientation from facial images. J. of Personality and Social Psychology, 114(2), 246-257.



...know us better than we ourselves
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The end of the pO
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Crum, P. (2018). Technology that knows what you’re feeling. https://www.ted.com/talks/poppy crum technology that knows what you re feeling




Tech angst is growing
% of global internet users who say they

BBEME NEWS | Munbo

just don't understand computers and new

technology
Noticias Ameérica Latina Internacional EE.UU.2020 ¢Hablas espafiol?  Hay Festival

2013
Economia Ciencia Salud Cultura Tecnologia Video Centroamérica Cuenta BBC Extra 1 5 %

oy Martin Hilbert: "La verdadera 2014 %
el dilema de fuente de poder de las redes ha 1 7
las redes sociales sido llevarnos a nuestro -
narcisismo, enojo, ansiedad, 2 O ’
El dilema de las redes sociales envidia, credulidad Y, por cierto, a
2020 | [PG-13] | 1h 34 min | Documentales aclamados por la critica nuestra lujuria" e 2 %
Un hibrido entre documental y drama que ahonda en el negocio de las 0

Daniel Hopenhayn

redes sociales, el poder que ejercen y la adiccion que generan en Especial para BBC Mundo

nosotros: su carnada perfecta. 20 octubre 2020 2017 Cy
Protagonistas: Skyler Gisondo Kara Hayward Vincent Kartheiser No sabemos como lidiar con el poder de los algoritmos, afirma Martin Hilbert 0
"El crecimiento de la digitalizacion siempre fue exponencial, pero la pandemia lo aceleré con
E = esteroides", asegura Martin Hilbert, investigador aleman de la Universidad de California-Davis y

G
© » 3 autor del primer estudio que calculé cunta informacién hay en el mundo.

Reconocido por haber alertado sobre la intervencién de Cambridge Analytica en la campafia de 2018 o)
Donald Trump un afio antes de que estallara el escandalo, Hilbert ha seguido de cerca los efectos /O
digitales del coronavirus y sus conclusiones son poco optimistas: las personas no saben cémo lidiar

con el poder de los algoritmos, los gobiernos no saben como usarlos en favor de la poblacion y las

empresas se resisten a adoptar pautas éticas efectivas.

Esto debiera preocupar especialmente a América Latina, "porque son lideres mundiales en el uso de

ani " = 4
e d
S I n O eSta S p a ga n O p O redes sociales", advierte Hilbert, que vivi6 una década en Chile como funcionario de la ONU y hoy vive 2019

= LIVI-L a 40 minutos de Silicon Valley. %
=
producto, ERES el producto™ ) o |
En conversacion con BBC Mundo comparti6 su opinion de que las nuevas tecnologias plantean
desafios de alcances tales que podrian exigir una evolucion de la conciencia humana.

https://www.bbc.com/mundo/noticias-54484758




Social Anxiety

/T

Coduto, K. D., Lee-Won, R. J., & Baek, Y. M. (2020). Swiping for trouble: Problematic dating application use among psychosocially distraught individuals and the
paths to negative outcomes. Journal of Social and Personal Relationships, 37(1), 212—232. https://doi.org/10.1177/0265407519861153

b =0.40**

Vicious Circle

Loneliness

Prefer Online
Interaction
via dating apps.

b=0.09*

Compulsive
use

b=0.35%**

Negative
outcome

academic/social/work




Attention Economy

SEGMENTING YOUR
A/B TEST RESULTS




La investigacion sobre "juicio bajo incertidumbre"

Article  Talk

generalmente se reduce a la recopilaciéon de

"heuristicas y sesgos cognitivos" WikiegpiA  Confirmation bias

The Free Encyclopedia o
From Wikipedia, the free encyclopedia

(Kahneman, Slovic and Tversky, 1982)

88% less likely to identify as fake

69% robust memory even when alerted of misinformation

Murphy, et al. (2019). False Memories for Fake News. Psych. Sci., 30(10).

- ADgiaDey B ld Tek Sancbox Prefemnces Bela Walchist Contibutions Lo oul
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B0 9 Article Talk Read Edil View history More v | Search Wikipedia
\
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wikrpepiA  List of cognitive biases

The Free Encyclopedia

a

From Wikipedia, the rae encyciopedia

Article  Talk

Ml pige ‘This is the current revision of this page, as edited by Sharper {talk | contribs) at 15:14, 24 April 2020 {—Decisiommaking, belief, and banavioral bissas). The present address (URL) is a permanent link to this version.
Conterts ) - Previous revision | Lalest reision (Gi) | Newer rsvision — (Gff)
Featured cortent
;v"rﬂ‘f-f‘:‘“ Cogitive biases are systematic patierns of deviation from norm or rationality in judgment, and are often studied in psychalogy and behaviaral economics '/
o aiticte

e Aithough the realtty of most of thes biases is confirmed by raproducibie fesearch <7 there are aften conlroversiss about how lo dassify these biases or how to explain e NOVel effect
; Gigerenzer has crticized the framing of cognitive biases as emors in judgment. and favors inferpreting them as arising from rational deviations from fogical IKIPEDI

Wkipeda sore
The Free Encyclopedia

Interactcn s :
el Explanations include information-processing rules (i, mental shortcuts), c watica, that the brain uses to produce decisions or judgments. Biases have a variaty of From Wikipedia, the free encyclopedia
bout Wikipeeia forms and appear as cogritive (cold") bias, such as mental noise ¥ or motivational (hor") bias. such as when balisfs are distorted by wishful thinking. Bath sffscts can ba (=]
Cammunity porial present at the sama time 755! ) Tlme
e Thera are alsa controversies over some of thesa biases as to whather they count as useless or iational. o whether they resultin useful atttudes or behaviar For example.
antact page E
B when getiing to know others, people tend Io ask laading questions which seem biased towards confirming their assumplions about the person However, this kind of
Tocls confirmation bias has also been argued 1o ba an exampls of social skill & way 10 establish a connaction with the other person ¥ Tha cognitive bias codex e
referencing many of e biases n s
ML Sl ety Although this research overwhelmingly involves human subjects, some findings that demonstrate bias have been found in nan-human animals as well For example. loss articie.

P htgee aversion has been shown in mankeys and hyperbolic discounting has been observed In rats, pigeons, and monkays (%1

Upload file
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| a— False news spread:

il s 3 Memory erors and bisses

e 6 x faster

Davmioad as POF

e 20 x deeper (70% more likely to be retweeted)
o Decision-making, belief, and behavioral biases [em

;;jmr Many of thesa biases affect bekief formation. business and economic decisions. and human bahaviof in general 2 X b r‘o a d e r‘

Espaiat

& Refarences
Printatie vession

ey Name Descriptic . . .
roi e Vosoughi, et al. (2018). The spread of true and false news online. Science, 359(6380), 1146-1151.
. Amibiguity effect The tendency to avoid options for which the probability of a favorable outcome is unknown {*

“The tendancy to rely too heavily, or "anchor’. on one lrait or piece of information when making decisions {usually the frst piece of information acquired on that
Anchaing or focalism ki 2
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40 min/day * 70 % recommended = 30 min/day

\
* 0.05 conspiracy = 1.5 min/da \002
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—— Raw Frequency
—— Weighted Frequency

logged out
Of account ---- Alternative Science and History
——- Prophecies and Online Cults

8 """""" QAnon and Political Conspiracies Worldwide followers:
Muslims: 1.8 B
? YouTube: 2.0 B
Christians: 2.2 B
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Fig. 2. Longitudinal trends of conspiratorial recommendations from informational channels on YouTube, in which each data point corresponds to a rolling seven day average.
The raw frequency is an estimate of the percentage of conspiratorial recommendations obtained by weighting all recommendations classified as conspiratorial by their
likelihood. This frequency represents the propensity of the YouTube algorithm to recommend conspiratorial content. The weighted frequency is an estimate of the percentage
of conspiratorial weighted by the number of views of the source video. The three dashed and dotted lines correspond to the raw frequency for the top three topics: (1)
Alternative Science and History, (2) Prophecies and Online Cults, and (3) QAnon, Deepstate, and New World Order (see Table 2). The dotted vertical lines represent the
three YouTube announcements related to their efforts to fight conspiratorial content, on January 25th, June 5th and Dec 3rd of 2019.

Faddoul, Chaslot, Farid (2020). A longitudinal analysis of YouTube’s promotion of conspiracy videos; farid.berkeley.edu/downloads/publications/arxiv20.pdf ; youtube.googleblog.com/2019/06/our-ongoing-work-to-tackle-hate.html
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TURNING POINTS

Our Brains Are No Match
for Our Technology

By Tristan Harris

Dec. 5, 2019
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Deactivate Facebook for 4 weeks

before US Congress mid-term election (2,743 subjects)

Follow politics e Happiness ~ g
S Follow Trump —
%’ E News minutes| ———&— Life satisfaction ~ @
z2 News knowledge ————— Lorel .
= Fake news knowledge - —_—— onsliness x:{-1)
News knowledge index1 ———&—— Depressed x (-1} -
=
E—]
S & Voted - Anxious x (-1) - °
= S Clicked politics email - &
o % Political engagement index ® Absorbed 7 ®
(0]
. - 14 °
Party affective polarization - —_— s
- Trump affective polarization — SMS happiness - ®
= Party anger _—
28 Congenial news exposure] ————&—— SMS positive emotion ®
OB_ & Issue polarization ——
= Belief polarization - —— SMS not lonely - ®
Vi ization -
. Ot.e pglarlgatlon Subjective well-being index — @
Political polarization index —— : . .
T T T T T
-3 -2 -1 0 1 2 -1 0 A 2
Treatment effect Treatment effect
(standard deviations) (standard deviations)

- about 25-40 percent as much as standard psychological therapy
—> about half of issue polarization increase btw 1996-2016

- about $30,000 additional income (min $10,000, decreasing curve)

Allcott, H., Braghieri, L., Eichmeyer, S., & Gentzkow, M. (2020). The Welfare Effects of Social Media. American Economic Review, 110(3), 629-676. https://doi.org/10.1257/aer.20190658




@ Course launched on Dec 9, 2019

https://www.coursera.org/specializations

& Computational Social Science Methods /computational-social-science-ucdavis

Course launched on Dec 9, 2019

Big Data, Artificial Intelligence, and Ethics

e Course launched on Dec 10, 2019

Social Network Analysis

\ Course launched on Jan 7, 2020

i Computer Simulations

. Course launched on Feb 4, 2020

Computational Social Science Capstone Project

QUrsera

< Data Science

Computational Social Science

Specialization
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